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o IR yolovSm(https://github.com/ultralytics/yolov5)

« 25 Google Colab (FEAL G ZEGPU)

« Eio}:
* Dataset: 168 images and 168 label files
e Classes: ['S’(JEHME), ‘normal’]
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MaxPool2d-3
Conv2d-4 307,392
RelLU-5 e
MaxPool2d-6 =]
Conv2d-7 663,936
RelLU-8 e
Conv2d-9 884,992

RelLU-1@

MaxPool2d-11

AdaptiveAvgPool2d-12
Dropout-13
Linear-14 37,752,832
RelLU-15 e
Dropout-16 ]
Linear-17 16,781,312
RelLU-18 e
Linear-19 8,194
Total params: 56,406,466
Trainable params: 56,406,466
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* Train accuracy: 100%

* Test accuracy: 97%

&= 0]-Train log

* Accuracy start with 50% because it’s a binary classifier
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o fEAU: KNN, DecisionTree, RandomForest
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* FI[SR&5R: (accuracy) rfc
. : .964 | # of train data
.96 | # of train data
. . : .96 | # of train data
° LE%{fOIdEteSt . ! .964 | # of train data
set_tj?ﬁéé% ) ’ .956 | of train data
: : .964 | # of train data
- : ©.956 | of
. A 7 fold validation
y ?73:7/%75{1;0“ EHEAR i i 0.964 | 7 fold on 1800 data
E'\]\%D%E—iﬁé@holdout full input

ot .
EI@T%@ - - ©.96 | train on 1800 data
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* Vdetect.py
* --source : AR E 7 2CE R IR AR

¢ —-dest: Al (7HYproject &R AR ER AR

* --name: Rl project &R} IR N HYESKE

* --mask: THILEE I mask &R AL » FHECNone
 —-object: THSC A F 1T yolo format file &R} AE R AL » THE:None

e --method: A FHEY 757 0 knn, rfc, dec, rule » THZrfc
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* screwDetect.py:
* get_scew_model : F{EEAI
* screwPredict: TEHI
e fractDetect.py:
* get_fmodel: U{5fEAY
* fracturePredict: H|ET ST

 segfunct.py:
* edge_segment: H{ i B ZEER HH FE] AV Y mask - HYEL

* minCornerDistance: 5-Zl|Corner

* visualization.py:
* ResultVisiualization: 455 Z& 1k
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